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Key Paper Summary

Deep learning
LeCun Y et al.: NATURE 2015, Vol. 521, 436-444
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Radiomics: Extracting more information from medical images using advanced feature analysis
EdIopean Lambin P et al.: European Journal of Cancer 2012, Vol. 48, 441-446
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Radiomics: Images Are More than Pictures, They Are Data

. Gillies RJ et al.: Radiology 2016, Vol. 278, 563-577
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Multivariate classification of blood oxygen level-dependent fMRI data with diagnostic intention: a clinical perspective
Sundermann B et al.: Am J Neuroradiology 2014, Vol. 35, 848-855
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A generic support vector machine model for preoperative glioma survival associations
Emblem KE et al.: Radiology, Vol. 275, 228-234
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Neural networks for nodal staging of non-small cell lung cancer with FDG PET and CT:
Importance of combining uptake values and sizes of nodes and primary tumor
Toney LK et al.: Radiology 2014, Vol. 270, 91-98
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Automated classification of usual interstitial pneumonia using regional volumetric texture analysis
Investigative in high-resolution computed tomography
Radiology Depeursinge A et al.: Investigative Radiology 2015, Vol. 50, 261-267
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